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Abstract
 At the macro-level, behavioral finance challenges classic finan-
cial theories. It shows that investor behavior in the real world is 
incompatible with the fundamental assumption of rationality in 
traditional finance, as studied by Sedaghati. While taking deci-
sions, including financial decisions, rational thoughts are not in-
volved, as suggested by modern theory. Additionally, these de-
cisions are taken by them are also often inconsistent. Contrarily, 
human decisions are subject to several irrational principles, as in 
an evaluator study by Kannadhasan. These decisions are taken 
by considering the risks and returns involved. Prospect theory is 
one of the many theories derived from behavioral finance was 
first invented in a 1979 paper by Daniel Kahneman and Amos 
Tversky. It is commonly seen as the best explanation of how 
people evaluate risk in experimental settings, as researched by 
Barberis. This theory mainly includes how individuals or groups 
of investors decide between the alternatives under the umbrella 
of risk and uncertainty. This research evaluates the stock inves-
tors’ behaviors during the COVID-19 phase in India using pros-
pect theory; many factors affect the decision of stock investors, 
such as loss aversion, risk aversion, certainty effect, reflective 
effect, etc., observed by Kahneman & Tversky. This study ex-
plores the possibility of factors of prospect theory on investors’ 
decisions about their investments during the COVID-19 phase. 
The results provide insights into how individual investors’ deci-
sions vary during this pandemic situation.
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1 Introduction
The stock market is the place where stocks of var-

ious organizations can be bought and sold. Not only 
does the stock market act as a source of funding for in-
vestment, but it also performs as a catalyst to managers 
regarding investment and corporate governance deci-
sions. For any capital rise for organizations, the stock 
market is an effective method, as stated by Zuravicky. 
As the stock market goes up, the company pays divi-
dends to the owners of their respective firms, which is 
one of the key interests for people to invest in stocks, 
according to Zuravicky. There are many reasons for 
buying and selling stocks, depending upon each indi-
vidual or company’s interest. No one can predict the 
market as it experiences extreme rise and fall, which 
affects the economy and investors’ behavior. One such 
example is pandemic COVID-19 [1].

The outbreak of COVID-19 took the world econ-
omy by surprise. There is no need to prove that the 
COVID-19 outbreak had aggressively impacted global 
economic growth disrupting many sectors. After ef-
fect, it will remain for a longer period. The COVID-19 
pandemic had affected a large sector of internation-
al economic and trade activities right from tourism, 
healthcare, consumer electronics, and financial mar-
kets to energy, food, a range of social activities, etc. 
The future economic impact on the global world is 
highly uncertain due to series of lockdowns in some 
parts of the country that have experienced extreme 
and unexpected shocks that had brought down eco-
nomic trends. Due to uncertain events, investors’ de-
cisions are greatly affected, as they behave positively 
when the market is trending. Subsequently, they be-
have negatively if the market goes down, as recorded 
by HaiYue Liu [2]. Pandemic outbreaks can lead to 
negative changes in investor sentiment that directly 
affect investment decisions and stock market prices, as 
studied by HaiYue Liu. One of the researchers suggests 
that anxiety, a bad mood can affect investment deci-
sions [3]. Anxious individuals may take fewer risks 
than before due to their pessimistic thoughts, as in an 
evaluator study by Kaplanski G. A pessimistic impact 
is created by anxiety and can affect investment deci-
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sions. Investors with low participation in institutional 
and more prone to herding or overreaction biases have 
shown a more conspicuous effect in the stock market, 
as researched by Donadelli, M [4].

The scope of the study is examining the behavior of 
individual investors and their decisions to invest in the 
market during the COVID-19 phase. This study will 
shed some light on evaluating prospect theory factors 
that affect investors’ decisions during a pandemic. De-
mographic variables such as gender, economic status, 
age, etc., are also being considered [5].

2 Literature review

2.1 Behavioral finance
Behavioral finance is interdisciplinary relation-

ships that integrate psychology, sociology, and fi-
nance, as observed by Simon. It includes factors like 
the psychology of humans, risks involved, making 
errors, survival factors. Behavioral finance is a dis-
tinct way of thinking that deals with the psychological 
impact on the behavior of financial practitioners and 
their corresponding impact on the stock markets, as 
stated by Sewell. The role of psychological biases and 
their conduct can be seen in the decision-making pro-
cess, according to Jaya M. Prosad. The characteristics 
of behavioral finance research not only lies in the cor-
recting of standard finance or an analysis of investors’ 
psychology, making themselves effective to avoid de-
cision error but also to formulate investment-specific 
strategies from the psychological deviation of others 
and asset prices reflecting the intrinsic value or not, as 
in an evaluator study by Byrne. It studies capital mar-
kets and discusses various stock market phenomena, 
speculative market bubbles, crashes, etc., as researched 
by Simon [6]. The actual definition of behavioral fi-
nance is involved in various debates since this particu-
lar field is still developing, as stated by Simon. Various 
researchers and scholars have their own opinions from 
their respective academic and professional fields. Ac-
cording to Meir Statman & Hersh Shefrin, prominent 
professors from Santa Clara University researched be-
havioral finance (1995) [7].

2.2 Prospect theory
The prospect principle was developed by Daniel 

Kahneman and Amos Tversky for under-risk deci-
sion-making, as studied by Jaya M. Prosad, 2016). It 
has been developed as an alternative model to the ex-

pected utility theory [8]. A value function is steeper 
for loss than gains, and 2) a nonlinear weighting func-
tion, which does not calculate the small, moderate, 
and high probabilities but round it off, as recorded by 
Tversky.

It examines the human’s decision-making power 
and assumes that each decision made by them does 
not always match with the winning probabilities [9]. 
Most investors go for “sure gain or bets.” However, 
Barberis mentioned that theory prospective proba-
bility-weighting theory plays a central role in finance, 
gambling, and insurance risk-related areas. He also 
stated that loss aversion could play a crucial role in 
consumption savings decisions, endowment effect, in-
dustrial organization, labor supply, etc., as studied by 
Barberis. The term prospect often refers to “gamble” 
or “lottery,”  as researched by Barberis).

Value Function, as argued by Kahneman & Tver-
sky,  that “the carriers of value or utility are changes of 
wealth, rather than final asset positions that include 
current wealth [10]” They consider the asset position 
matters but argue that “the preference order of pros-
pects is not greatly altered by small or even moder-
ate variations in asset position”(Prospect Theory: An 
Analysis of Decision under Risk, p. 277) [11].

Secondly, the value function gives rise to lose aver-
sion. Loss aversion states that people often feel the loss 
of a small amount of money, which overweighs their 
income. For any loss aversion individual, if a person 
loses 10 rupees, he will overthink Rs. 10 more than 
having 10 times the money he has in his wallet, mak-
ing the value function steeper in the loss region than 
gain generating loss aversion [12].

Thirdly, regret aversion can be stated as an action 
to take to avoid taking responsibility for making poor 
decisions [13]. Regret aversion individuals who had 
suffered a great loss recently or in the past often de-
viate from making choices when favorable conditions 
occur. It also predicts that individuals minimize the 
likelihood of post-decision regret [14].

Weighting Function: The probability-weighting 
function measures the probability of a particular event 
impact based on prospect desirability, as observed 
by Levy [15]; Weighting functions are a nonlinear 
function of probability, and probabilities are not con-
sidered in decision weights, as stated by Levy This 
function states that the probability of some events 
can be known [16]. However, it cannot be accepted 
by some psychological, as researched by Levy. It also 
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describes the failure of understanding the probability. 
(Kahneman & Tversky, 1979) State that people often 
round off the probability, and if they do not, they ex-
aggerate the difference [17].

The diminishing effect principle (The effect of a 
transition decreases by the distance from the point 
of reference) is applied to the weighting function, as 
observed by Tversky. In the outcome’s evaluation, the 
reference point acts as a boundary that distinguishes 
gains from losses [18]. While assessing uncertainty, 
there are two natural boundaries, i.e., certainty and 
impossibility, which correspond to the endpoints of 
the scale of certainty. For example, an increase in the 
likelihood of winning a given prize by 0.1 probabilities 
will have more impact than a change in the likelihood 
of winning from .9 to 1.0 or 0 to 1, as stated by Tver-
sky. Diminishing sensitivity, therefore, gives rise to a 
weighting function that is concave near 0 and convex 
near 1(Tversky, p. 303). The weighting function is not 
linear as decision weights are not probable, including 
ambiguity, according to Kahneman & Tversky, Levy; 
Einhorn & Hogarth [19].

At the same time, the prospect theory explains the 
financial market anomalies. It comes down to the ef-
fect of certainty, isolation, and reflection, as recorded 
by Yang. Certainty effect is defined as compared with 
some probabilistic earnings [20]. For example, the ma-
jority of respondents will choose the events whose yield 
is certain. In contrast, the reflective effect shows that 
the scope of their respective income associates with the 
risk preference within their scope of losses, as studied 
by Yang. Isolation effect is that even information is 
disclosing or not, is not important for investment de-
cisions. However, people are still willing to wait to pub-
lish information and decide later (Yang, 2016) [21].

3 Research methodology
Research is of two types: building a theory or a 

procedure of testing the existing theory. This study is 
testing the existing theory, which is a type of deductive 
type than inductive type [22]. A deductive type devel-
ops a clear theoretical position before data collection. 
In contrast, in the inductive approach, one must con-
struct a theory based on information collected (Gron-
haug, 2010). This research is more about testing the 
existing theory relating to stock investing behavior 
during the COVID-19 phase [23].

The study started on gaining the knowledge of 
behavioral finance, prospect theory especially based 

on the stock market, to understand theoretical and 
experimental findings and models proposed by pre-
vious research [24]. It has been found out that the be-
havior of stock investor’s changes according to their 
overall environment. Accordingly, the questionnaire 
was prepared by taking past research papers as ref-
erences. The steps taken are similar to the deductive 
approach: developing a theoretical model, collecting 
qualitative and quantitative data, and analyzing statis-
tical methods compatible with quantitative research. 
(Ngo, 2013) [25]

The study’s insights examine components of pros-
pect theory, as variables and control factors as age, 
status, gender, experience in the stock market, the fre-
quency of their investment into consideration. These 
factors help us to understand the behaviors of stock 
market investors. Structured questionnaires were used 
in this study for collecting primary data. The ques-
tionnaires were circulated to reach the maximum 
number of people within a limited period, assuring the 
respondents about the confidentiality of information 
they provide in the questionnaire. The major objec-
tive is that no bias revealing personal characteristics 
included in the survey [26].

3.1 Conceptual model
Figure 1 shows the Factors and heuristics of pros-

pect theory such as reflective effect, loss aversion, 
regret aversion, certainty effect, overconfidence, and 
overreaction are incorporated in the theoretical model 
that aims to identify which is more effective on stock 
investors’ decisions [27]. The approach towards this 
study is characterized by (i) a comparison of intuition 
to principles of probability and statistics (ii) an attempt 
to explore the differences in theoretical and practical 
implications of the prospect theory [28]. 

3.2 Questionnaire
Each independent variable except the reflective 

effect consists of four questions based on prospect 
theory and behavioral finance [29]. Reflective effect 
questions were asked by choosing the options and 
were converted into numeric form by SPSS software, 
taking past research papers as a reference; participants 
were asked to answer the questions in the form of a 
five-point Likert scale to evaluate the degree of impact 
on their investment decisions [30]. The questionnaire 
also collects demographic variables such as age, gen-
der, annual income, and market experience.
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3.3 Sample
The sample size mainly consists of respondents who 

have invested in stocks during the COVID-19 phase. 
The total sample size 151 was from various age groups, 
profession, and income groups were considered [31]. 

Table 1 shows the survey inputs are further evalu-
ated and processed by a statistical method called Prin-
cipal Component Analysis (Factorial Analysis) using 
SPSS software. The questionnaire was cleaned by re-
moving any missing values. The reliability of the ques-
tionnaire was tested by Cronbach’s alpha, followed by 
factor analysis [32].

3.4 Research hypothesis
The hypothesis is one of the ways to explain the ex-

pectations of the study. The alternate hypothesis of the 
current study is as follows: Investors’ decisions are not 
significantly different towards prospect theory com-
ponents and control variables [33].

4 Findings and discussion

4.1 Cronbach’s alpha test
The reliability of all independent variables was 

checked thoroughly by Cronbach’s alpha test. Cron-
bach’s alpha is used to test how a set of items are close-
ly related as a group. The alpha value was found to be 
greater than 0.700, which implies that alpha is accept-
able as shown in Table 2.

Table 1
Demographic profiles of sample

Demographic Variables Frequency Percentage
Age
20-30 years
31-40 years
41-50 years
51-60 years
61 and above

80
27
16
22
5

53.0
17.9
10.6
14.6
3.3

Gender
Female
Male
Prefer not to say

62
84
4

41.1
55.6
2.6

Status
Married
Other
Single

59
11
80

39.1
7.3
53

Annual Income
10,00,000 and above
4,00,000-6,00,000
6,00,001-8,00,000
8,00,001-10,00,000

23
61
41
24

15.2
40.4
27.2
15.9

Experience in Market
10-15 years
15 years and above
5-10 years
Less than 5 years

17
9
42
83

11.3
6

27.8
55

Table 2
Results of Cronbach’s alpha value

Reliability Statistics
Cronbach’s 

alpha
Cronbach’s alpha Based on 

Standardized Items
No. of 
Items

.755 .756 18

Independent Variable 

Reflective 
Effect(R) 

Loss Aversion(M) 

Regret 
Aversion(N) 

Certainty Effect(O) 

Overconfidence 
and 

Overreaction(P) 

Stock Investors 
behaviour 

during COVID 

Dependent Variable 

Control 
variables: age, 
income, status, 

gender 

Fig. 1. Conceptual model
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4.2 Factor analysis
There are two forms of factor analysis (i) Princi-

pal Component Analysis (ii) Common factor analy-
sis. In this research, principal component analysis was 
run by using SPSS software. Independent variables, 
i.e., reflective effect, certainty effect, loss aversion, re-
gret aversion, overconfidence, and overreaction bias-
es, were processed into a factor analysis. By running 
factor analysis, we analyzed that these factors can be 
reduced into few components, explaining the relation-
ship between the variables, as in an evaluator study by 
Polat [34].

Initially, all components of 18 independent vari-
ables were examined. A correlation matrix was ex-
tracted from SPSS. Independent variables M4, N2, O2, 
O3, P3 were eliminated due to failure to fulfill correla-
tion criteria of 0.3 with at least one other item, which 
leaves 13 variables eligible for factor analysis. These 
were further tested for KMO and Bartlett’s test [35]. 

4.2.1 Kaiser-meyer-olkin and bartlett’s test
Table 3 shows the KMO and Bartlett’s test was 

performed, showing the following adequacy of 0.602 
(sig. = 0.000). Bartlett’s test was used to test whether 

the variables are significantly different from zero and 
correlated between the variables. Here, the p-value 
is less than 0.001, which indicates it is highly signif-
icant. Kaiser test gives us the value of 0.602, falling 
in the range of acceptable values. It proves that vari-
ables are compact and factor analysis will give be 
suitable [36].

Table 3
Results of kaiser meyer olkin and bartlett’s test

KMO and Bartlett’s Test
Kaiser-Meyer-Olkin Measure of Sampling 
Adequacy. .602

Bartlett’s Test of Sphericity
Approx. Chi-Square 445.970
df 78
Sig. .000

4.2.2 Factor loadings
Principal factor analysis of 13 remaining variables 

was conducted using Varimax rotations with max-
imum iterations for convergence 25 [37]. The ex-
traction of factors was based on the eigenvalues great-
er than 1; less than 0.40 were suppressed. The factors 
were named under prospect theory using theoretical 
methods as shown in Table 4.

Table 4
Results of factor loadings

Factor Label
/Independent Variable

Effect of 
Overre-
action F1

Reflective 
effect on 
investors 

F2

Effect of 
Regret 

Aversion on 
investor F3

Certainty 
effect on 
investors 

F4

Ability to 
take risk 

F5

Would you invest in a particular stock, which has risen after you 
suffer a loss in a time of COVID? (M1) 0.851

Consider putting 25% of your savings in one large capital share that 
experiences extreme rise and extreme fall. If the loss is 10% at the 
time of COVID, would you sell that share? (M2)

0.461

You would rather choose high pay raise than job security(M3) 0.422 0.647

You will not buy any new shares during COVID to avoid risking any 
money(N1) 0.865

You avoid selling shares that have decreased in value and read-
ily sell shares that have increased in value during the COVID-19 
phase(N3)(Ngo, 2013)

0.421 0.429

You will invest in stock only if you have a surplus fund(N4) 0.804

Suppose you have been given a chance to invest in shares, which 
will give you a return of Rs. 1000 on your invested amount for sure 
in this pandemic situation. Would you buy the stock? (O1)

0.549

You would rather choose a sure gain of winning Rs. 100 than an 
option of having a probability of winning nothing(O4) 0.825

You believe that your skill and knowledge of the stock market can 
help you to predict the stock price after COVID(P1) 0.637

How frequent are you in stock investment? (P3) 0.849
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Above is the Factor loading table, which gives the 
results 64.480% of the total variable explained. The 
factor labels to each component reflect the notion or 
an item that weighs most and relates with the rest of 
the items under a particular factor [38].

Effect of Overreaction (F1): This factor holds 
22.661% of the variance. It stresses the investor’s 
knowledge, skills, and experience in the stock mar-
ket. These indicate that they are willing to invest in 
the market by making rational decisions, i.e., analyze 
the new information more or past events, which led to 
the loss of gaining profit-making decisions. According 
to Regaieg, overreaction presents the first component 
of irrationality in the stock market. It is defined as an 
overemphasis on unanticipated or unimportant and 
dramatic information. It may return reversal and a 
negative relation for long periods that can challenge 
the efficient market hypothesis. The same can apply 
to overconfident investors. They are confident about 
their knowledge that they overlook any new informa-
tion and skills. Here, “How frequent are you in stock 
investment?” (P3) has the highest loading of 0.849, 
followed by “How frequently do you keep watch of 
market movement? (P4)”. The core factor value of this 
component is 1.778 [39].

Reflective effect on investors F2: As Kahneman & 
Tversky stated, people often become risk-loving when 
loss contains high probability and gains have moderate 
probability; however, they are risk-averse for sure gain, 
which defines the concave function for gains and convex 
function for loss. For instance, in this survey, 62.5% of re-
spondents chosen to win Rs. 500 for sure over winning of 
Rs. 1,000 with probability 20% and 69.7% of respondents 

chose Winning of Rs. 1,000 with a probability of 20%. 
The core value eigenvalues of the factor is 1.702.

Regret Aversion effect on investor F3: In this case 
factor, loading is highest (F=0.865). “You will not buy 
any new shares during COVID-19 to avoid risking any 
money (N1)”. It indicates that investors are reluctant 
to take any risk during the COVID-19 pandemic. In-
vestors will look for investment options where their 
losses are minimized or minimum return is gained to 
have minimum regret. The eigenvalues of the factor is 
1.348.

Certainty effect on investors (F4): The factor load-
ing is the highest of O4. As Kahneman & Tversky state 
that people underweight the events, which are prob-
able and overweight events that are certain. The core 
factor value is 1.151

Ability to take the risk (F5): In this factor compo-
nent, “Would you invest in a particular stock, which 
has risen after you suffer loss in a time of COVID? 
(M1)” has the highest factor of 0.851, shows that in-
vestors are ready to invest in stock containing risky 
factors. The eigenvalues of the factor is 1.092.

4.2.3 Internal consistency of factors
The reliability test of extracted factors is shown in 

Table 5. Cronbach’s alpha performed the test. For this 
research, the cut-off value is set to 0.60 or more, as re-
searched by Hair et al., meaning that items are posi-
tively correlated to each other. The acceptable bench-
mark of the item-item and item-total Correlation is set 
to above 0.3. As shown in the table, the ability to take 
the risk (F5) is rejected due to the below-acceptable 
Cronbach’s alpha value.

Factor Label
/Independent Variable

Effect of 
Overre-
action F1

Reflective 
effect on 
investors 

F2

Effect of 
Regret 

Aversion on 
investor F3

Certainty 
effect on 
investors 

F4

Ability to 
take risk 

F5

How frequently do you keep watch of market movement? (P4) 0.700

In addition to whatever you own, you have been given Rs. 1000 
what would you choose (R1)
A. Winning of Rs. 1000 with a probability of 20%
B. Winning of Rs. 500 for sure

0.925

As you go further, which choices would you choose(R2)
A. Winning of Rs. 1000 with a probability of 20%
B. Winning of Rs. 500 with a probability of 25%

0.934

Eigen Values (in %) 22.661 13.673 10.439 9.630 8.078

Total Variance Explained - 64.480

Extracted Method: Principal Component Analysis, Rotation Method: Varimax with Kaiser Normalization 
Note: Variables with 0.40 are suppressed
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4.2.4 Linear regression and one-way anova
The alternate hypothesis is that control variables, 

i.e., age, status, gender, and experience in the market, 
are not significantly influencing investors’ decisions 
based on prospect theory factors. The four extracted 
factors, as mentioned, are shown in Table 5, which will 
be tested through linear regression and the one-way 
ANOVA method, as observed by Liu and Velimoni. 
The means of all components containing in respective 
factors are calculated; each control variable is tested 
against the mean of four factors. The value of p is con-
sidered at 5% significance.

As seen in table in the first row, R=0.139, 
R2  =  0.019, F (4,146) =0.718, P=0.581. It states that 
age is significantly influence investors decisions based 
on extracted factors. In second row, R=0.108, R2 = 
0.012, F (4,146) =0.432, P=0.785 proves that gender 
is significantly influence investors decisions based 
on extracted factors. Similarly, on third row, the val-
ue of R=0.279, R2 = 0.078, F (4,146) =3.090, P=0.018, 
this states that gender does not significantly influence 
investors decisions based on extracted factors. Mov-
ing forward towards next row, R=0.219, R2 = 0.048, 
F (4,146) =1.837, P=0.125 stating that annual does sig-
nificantly influence investors decisions based on ex-

tracted factors. R=0.289, R2 = 0.083, F (4,146) =3.321, 
P=0. 012. It states that experience does not significant-
ly influence investors decisions based on extracted 
factors as shown in Table 6.

5 Results and discussion
By this research, it is quite evident that demograph-

ic variables have a significant effect on stock market 
investors’ decisions. During the COVID-19 pandemic, 
the investment pattern did not differ much from pre-
vious studies and researches. 

5.1 Demographic variable
Demographic, i.e., control variables, significant-

ly impacts the strategies and behavior of the stock 
market, as stated by Islamoğlu. Investors containing 
high income are willing to take risks in stocks. They 
have suffered a lot and can buy shares aggressively 
if the market is up; however, it cannot be applied to 
lower and medium range of income groups. Addi-
tionally, it is observed in this study that the young 
age group is willing to take risks in the market, even 
when their annual income is minimum. Male candi-
dates have shown more interest in stocks than female 
candidates. 

Table 5
Internal consistency of factors

Factors Item-total Correlation Item-item Correlation Alpha Value Decision
Effect of Overreac-
tion (F1)

0.312-0.575 0.177-0.462 0.654 Accepted

Reflective effect on 
investors (F2)

0.462 0.462 0.630 Accepted

Regret Aversion ef-
fect on investor F3:

0.382-0.466 0.268-0.373 0.626 Accepted

Certainty effect on 
investors (F4)

0.506 0.506 0.671 Accepted

Ability to take the 
risk (F5)

0.309-0.382 0.233-0.329 0.535 Rejected

Table 6
Results of liner model and ANOVA results

Control variables Liner Model ANOVA Result

R-value R Squared F(4,146) P-value

Age 0.139 0.019 0.718 0.581 Significant

Gender 0.108 0.012 0.432 0.785 Significant

Status 0.279 0.078 3.09 0.018 Not significant

Annual Income 0.219 0.048 1.837 0.125 Significant

Experience in Market 0.289 0.083 3.321 0.012 Not significant
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5.2 Effect of overreaction
Investors are prone to overreaction and overcon-

fidence biases. They are pretty confident about their 
skills and knowledge. However, they should not get 
blind to any new information that might lead to a loss 
in stocks. Overconfidence paves the way to overreac-
tion or under-reaction. Investors should not let this 
bias overpower or under power their investment deci-
sions or strategies, as stated by Parhi.

5.3 Reflective and certainty effect
As mention earlier, the value function (concave 

and convex function for gain and loss respectively) 
proposed by Kahneman & Tversky in their lab experi-
ments, reflective effect is seen on investors during this 
pandemic too. The framing of options to sample size 
is more important. If the percentage probability was 
changed, there was a shift of respondents willing to 
take risks, which proves Kahneman and Tversky’s ex-
periments. Similarly, investors tend to choose the op-
tions, which give them sure gain than those contain-
ing uncertainty in them, according to Kannadhasan, 
which shows that they tend to price the purchase as a 
reference.

5.4 Effect of regret aversion and loss aversion
Investors during the COVID-19 pandemic are 

careful while investing in stocks. The reasons might 
include various pandemic or lockdown causes. The 
majority of respondents said that they had become 
risk-averse in the COVID-19 phase, which indicates 
the fear of regret and would often evaluate the con-
sequences of both choices (Sedaghati, 2016). Sub-
sequently, they are reluctant to buy any new shares 
during the COVID-19 phase.

6 Conclusion
Based on the research of prospect theory of 

Kahneman & Tversky, investors still show a similar 
effect of loss aversion, regret aversion, and certainty 
effect during the pandemic situation. Five-factor com-
ponents from the 12 factors were extracted using fac-
tor analysis. The extracted factors reveal the various ef-
fects of reflective effect, loss aversion, certainty effect, 
etc., have on investors’ decisions. Additionally, it can 
be stated that investors do contain overconfidence and 
overreaction bias. By reliability and validity, only four 
factors were considered and tested by linear regres-
sion; one-way ANOVA was performed to test which 

control variables (demographic variables) significant-
ly influence investors’ decisions based on extracted 
prospect factors. The results show that age, gender, 
and annual income significantly affect the investors’ 
decisions. Also, it can be concluded that investors are 
reluctant to take the risk during the COVID-19 period 
and will only invest in which results sure gain/return. 
A better understanding of prospect theory and behav-
ioral finance can enable the human being to make bet-
ter decisions in both investments and non-investment 
fields. Further research and development can be ex-
panded by undertaking and comparing both rational 
and irrational factors, surveying a larger sample size 
to examine more about the behavior of investors in fi-
nancial markets during the pandemic situation.
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